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Short-term prediction method of freeway traffic flow
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Abstract: According to the complexity and nonlinearity characteristics of short-term traffic flow,
the application of classification and regression tree model in freeway traffic volume prediction was
investigated, and its including growing, splitting and pruning of the model was studied. The real
traffic volume data of the freeways in Portland State of US was tested and verified. Afterwards,
the experimental result of model was compared with the traditional ARIMA model and Kalman
filtering model by using the error analysis methods of RMSE and MAPE. Comparison result
indicates that the RMSEs of tree model are 42.1% and 13.1% lower than ARIMA model and
Kalman filtering model, respectively. 1 tab, 6 figs, 17 refs.
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Fig. 1 Structure of classification and regression tree model
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Fig. 2 Detecting coils of traffic flow
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Tab.1 Prediction error comparison of 3 models
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